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ABSTRACT
Applicants submit spent nuclear fuel dry storage cask designs to the U.S. Nuclear Regulatory
Commission (NRC) for certification under Title 10 of the Code of Federal Regulations
(10 CFR) Part 72, “Licensing Requirements for the Independent Storage of Spent Nuclear Fuel,
High-Level Radioactive Waste, and Reactor-Related Greater Than Class C Waste”. The NRC
staff performs its technical review of these designs in accordance with 10 CFR Part 72 and
NUREG-1536, “Standard Review Plan for Spent Fuel Dry Storage Systems at a General
License Facility,” Revision 1, issued July 2010 [6]. To ensure that the cask and fuel material
temperatures of the dry cask storage system remain within the allowable limits or criteria for
normal, off-normal, and accident conditions, the NRC staff performs a thermal review as part of
the technical review.
Recent applications have increasingly used thermal-hydraulic analyses using computational
fluid dynamics (CFD) codes (e.g., ANSYS FLUENT) to demonstrate the adequacy of the
thermal design. The applicants are also looking to license casks with decay heat close to 50
kW, resulting in peak cladding temperature (PCT) close to the ISG-11 suggested temperature of
400 C. These PCT predictions presented by the applicants usually are not supported by an
uncertainty quantification calculation to assure the thermal reviewer that the calculated
temperature margin is adequate. To remedy this, the NRC Office of Nuclear Material Safety
and Safeguards asked the NRC Office of Nuclear Regulatory Research to be part of a validation
study of the FLUENT CFD code to assist it in making regulatory decisions to ensure adequate
protection for storage and transportation casks. The validation studies were based on data
collected in a demonstration project at the North Anna Power Plant sponsored by Department of
Energy (DOE). A TN-32B cask loaded with about 30.5 kW of high burn-up fuel was used for
this validation. Extensive temperature measurements throughout the cask were performed,
including temperature measurements throughout the height of several fuel assemblies and
temperature measurements on the outer surface of the cask [2].
USNRC recognizes that CFD using finite volume is one of the best and most valuable method
for the applicants to show compliance with the regulations concerning the dry cask storage
systems (DCSS) thermal response. Additionally, when demonstrating compliance, it is valuable
to quantify the uncertainty in the simulation result as a function of the computational mesh and
simulation inputs. As a participant in this CFD validation, USNRC led the effort to include
uncertainty quantification and follow the CFD best practice guidelines in this validation exercise
[NUREG 2152].
This report discusses validation and uncertainty quantification of a CFD model using
experimental data. Uncertainty quantification follows the procedures outlined in [1]. Sources of
uncertainty that were examined in the analysis include iterative uncertainty, spatial
discretization, and uncertainty due to approximately twenty input parameters. Input parameters
investigated include environmental conditions, material properties, decay heat, and the spacing
of the many small gaps in the installation. The uncertainty in gap size was found to be the
principal source of uncertainty in this particular installation. The effect of the multiple fluid gap
dependence and correlation on the uncertainty quantification was evaluated and discussed. As
a result, the uncertainty quantification due to the fluid gaps was determined to be dependent
due to the heat path dependence, and as such, a correlated error estimation was used.
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Results of a “base case” using the conservative estimates outlined in the safety analysis report
(SAR) are presented, as well as a “best estimate case” that uses more realistic values. These
results are compared to experimentally measured values, which fall within the uncertainty band
of the analysis. The model is then used to predict the peak cladding temperature (PCT) that
would be expected when the cask is placed outside in an independent spent fuel storage
installation (ISFSI). The method presented herein, showed that all the measured temperature
values in all the seven lances inside the fuel region as well as the outside three columns of
thermocouples measurements were predicted within the calculated uncertainty bands.
Experimental data to validate a CFD simulation of a dry cask storage system for both design
and safety studies, suffers from a lack of local measurements, an insufficient number of
measured flow variables, a lack of well-defined initial and boundary conditions, and a lack of
information on experimental uncertainty. V&V 20-2009 and the work by the working group on
CFD application to nuclear safety of the OECD-NEA-CSNI-WGAMA [10] established some
requirements for CFD-grade experiments able to properly validate single phase CFD models.
The work in this report highlights the quality of experiment used for the validation as a concern,
especially due to the many lacking inputs that are of valuable interest to the modeler. The
discussion on this topic establishes the criteria to judge whether an experiment can be
considered of a CFD grade. CFD grade experiments should be able to validate CFD and the
main concern is to minimize the validation uncertainty on some selected figure of merit (FoM).
Usually, the Peak Cladding Temperature (PCT) is used as the figure of merit for dry cask
applications. Other local temperature throughout or flow variable can also be a figure of merit.
Even though this validation was worth the time and the effort, the experiment cannot be
classified as a CFD grade experiment due to lack of geometry specifications which resulted in
large validation uncertainty. The lack of geometrical specification includes all the gaps that
were part of the design specifications but not measured for the experiment performed in North
Anna Power Plant.
A validation uncertainty of 63 K (113°F) was calculated for the current experiment to validate the
model’s prediction of PCT. Therefore, this experiment cannot be classified as a CFD grade
experiment because of the relatively large calculated validation uncertainty. Cask vendors have
been submitting applications within margins close or less than 10-20 K (18-36°F) from ISG-11
specified temperature limit of 400°C (752°F). In order to be useful as a demonstration of the
accuracy of the CFD modeling process or to improve the model’s capabilities, the validation
uncertainty should be minimized to the desired margin of 10-20 K (18-36°F) or less. The
primary simulation uncertainties consisted mainly of lack of knowledge of the size of fluid gaps
that existed in the dry cask. The gap sizes are an important simulation input, and greatly
influence the value of PCT predicted by the model.
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EXECUTIVE SUMMARY
Computational fluid dynamics (CFD) technologies are rapidly expanding, with a large database
of proven capabilities. The driving force for program development generally is not the nuclear
community, as it was for the classical thermal-hydraulic system codes. Nevertheless, many
applications overlap with those associated with the nuclear industry, and in particular, dry cask
applications: flows in complex geometries, mixing in stratified fluids, flow separation and
reattachment, turbulence, multiphase phenomena, chemical species interaction, and fire
scenarios. Consequently, practitioners in areas related to dry cask applications can benefit from
advancements in the technology taking place elsewhere. However, because of the complexity
of modern commercial CFD packages, it is essential that care is taken with the inputs and
equations used in order to avoid errors.
In 2017, DOE undertook an effort to perform an experiment for long-term cask storage with high
burn-up fuel. Part of this effort was to measure temperature profiles in the fuel assemblies as
well as the outer surface of the cask. This effort was an opportunity for USNRC to validate a
CFD method for dry cask application using ANSYS-Fluent. The uncertainty quantification (UQ)
and verification and validation (V&V) followed guidelines from V&V 20-2009 and best practice
guideline NUREG 2152.
In USNRC, ASME V&V 20-2009 methods are used to evaluate uncertainties in CFD.
Uncertainties Quantification (UQ) starts by clearly identifying the various sources of
uncertainties. The deficiencies or inaccuracies of CFD simulations can be attributed to a wide
number of errors and uncertainties. These errors and uncertainties consist of two main broad
categories. The first category is related to modeling physics, while the second is concerned
with numerical aspect of the solution. The first category includes simplification of physical
complexity, boundary and initial conditions, and physical boundary conditions. The second
category includes computer programming, round-off, spatial discretization, temporal
discretization and iterative convergence. In the current validation, geometrical input was the
main source of error including all the unknown fluid gaps that contributed immensely to the
validation error. When performing validation simulations, it is mandatory to quantify and reduce
the different errors and uncertainties originating from these sources. Despite all these errors
and inaccuracies, CFD still remains a reliable method to simulate dry cask thermal response
accurately with low margins when best practice guidelines are used. Best practice guidelines
such as NUREG 2152 is an excellent source for the CFD user to avoid errors and quantify
uncertainties.
The ASME V&V20-2009 standard for verification and validation in computational fluid dynamics
and heat transfer clearly states that the scope of V&V is the quantification of the degree of
accuracy of the simulation of a specified validation variable at a specified validation point for
cases in which the conditions of the actual experiment are simulated. Practically, the standard
V&V 20-2009 affirms that "The ultimate goal of V&V is to determine the degree to which a model
is an accurate representation of the real world." This standard is strongly based on the use of
experimental data for V&V and consequently for UQ. With this approach, the ASME standard
puts a strong link between V&V and UQ.
The ASME standard methodology for uncertainty analysis underlines the role of verification and
validation in the process of evaluating the confidence in CFD results. Uncertainties have to be
xiii

evaluated step by step, using clearly defined numerical aspects of the model such as time and
space discretization (time step and mesh convergence) or physical models (turbulence models,
physical assumptions) with associated evaluation of error.
The ASME Standard conforms to Nuclear Regulatory Commission (NRC) regulatory practices,
procedures and methods for licensing dry cask systems as embodied in the United States Code
of Federal Regulations and other pertinent documents such as Regulatory Guide 1.203,
“Transient and Accident Analysis Methods” and NUREG-0800, “NRC Standard Review Plan”
(U.S.NRC 2017).
Looking for validation experiment for CFD application to dry cask simulation for both design and
safety studies, it appears that available data often suffer from a lack of local measurements, an
insufficient number of measured flow variables, a lack of well-defined initial and boundary
conditions, and a lack of information on experimental uncertainty. A working group on CFD
application to nuclear safety of the OECD-NEA-CSNI-WGAMA established some requirements
for CFD-grade experiments able to validate properly the single phase CFD tools [Bestion et al,
2019]. In this report, a look at the quality of experiment used for the validation was a concern
due to the many lacking input parameters that were of valuable interest to the modeler. The
discussion on this topic establishes if this experiment is of a CFD grade. CFD grade
experiments should be able to validate a CFD model, and the main concern is to minimize the
validation uncertainty on some selected figures of merit or target variable such as PCT.
Clear objectives should be first defined in an experimental program designed to validate a
computational method. The success of the validation hinges in the constant collaboration
between the experimentalist and the CFD specialist. This discussion should include the
definition of the test section geometry, initial and boundary conditions, and the requirement on
the measurement uncertainty. There needs to be agreement on what to measure, where it will
be measured, and with which measurement technique. Acceptance criteria may be defined on
the sensitivity of the measured parameters to the process of interest, and/or on the required
accuracy of some selected physical quantity. Preliminary code simulations are necessary to
define appropriate model boundaries and measurement locations, with sensitivity tests to
determine uncertainty of initial and boundary conditions and of measured field parameters.
Iterations may be necessary to optimize the design.
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1

INTRODUCTION

The US NRC has participated in a blind benchmark study sponsored by US DOE, aimed at
assessing and improving the accuracy of CFD simulations for dry cask storage systems
(DCSS). DOE and EPRI collected temperature data from a TN-32B dry storage cask at the
North Anna Nuclear Generating Station, along with ambient temperature conditions.
USNRC took this unique opportunity to validate and verify a CFD method used in the dry cask
application. This method used CFD best practice guidelines NUREG-2152 for dry cask
applications [7]. Per these CFD guidelines, the solution was verified by calculating the Grid
convergence index. In addition a thorough uncertainty quantification method was used to
calculate the uncertainties of predicted PCT and other measured temperatures inside and
outside the cask. Methods described in ASME V&V 20-2009 were used to quantify the
uncertainty.

1.1

Objectives of a CFD-Grade Experiment

ASME V&V 20-2009, the standard for Verification and Validation (V&V) and Uncertainty
Quantification (UQ) for computational Fluid Dynamics and Heat Transfer applications [1],
established steps to assess the degree of accuracy of computational simulations. The accuracy
of the method is obtained by the comparison between the experiment and the simulation of a
local or global variable. From the validation process provided in the standard V&V 20-2009,
criteria for CFD-grade experiment can be established as discussed also in (ASME 2009). A
CFD grade experiment should be able to validate CFD with a minimization of the validation
uncertainty on some selected figures of merit variable. As PCT is used in ISG-11 as a criterion
to assess the safety of a dry cask, it is also used in this work as the figure of merit or the target
variable to assess the validation uncertainty. In turn, the validation uncertainty will be used to
qualify the experiment as CFD grade or not.
The validation comparison error E in any validation process is defined as the difference between
the solution denoted by S, and the experimental data denoted by D:
E=S−D

If T represents the true solution, then the error in the solution and experiment are:

Then E can be written as:

δS = S − T

δD = D − T

E = (S − T) − (D − T) = δS - δD

The simulation error 𝛿𝛿𝑆𝑆 consists of three categories including the modeling error 𝛿𝛿𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚 due to
physical modeling input, including approximations and assumptions, the numerical solution error
𝛿𝛿𝑛𝑛𝑛𝑛𝑚𝑚 stemming out the numerical algorithm and the discrete mesh used to solve the partial
differential equations, and the input data errors 𝛿𝛿𝑖𝑖𝑛𝑛𝑖𝑖𝑛𝑛𝑖𝑖 resulting from the simulation input
parameters including initial conditions, boundary conditions, properties, etc. E is thus the
overall result of all the errors coming from the experimental data and the simulation.
E = δmodel + δinput + δnum − δD
1-1

The unknown error 𝛿𝛿𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚 produced by the modelling is isolated:

δmodel = E − ( δinput + δnum − δD )

The corresponding standard uncertainties for the input, numerical and experimental errors are
uinput ,unum and uD.

The validation standard deviation of the combination error δinput + δnum − δD is denoted as 𝑢𝑢𝑣𝑣𝑣𝑣𝑣𝑣
and if the three errors are mutually independent then:
uval = �u2input + u2num + u2D
δmodel = E ± uval

If also 𝛿𝛿𝑚𝑚𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜 is considered independent, then:

uE = �u2model + u2input + u2num + u2D

ASME standard gives solutions to evaluate every term of the comparison error (E) and the
validation uncertainty (𝐮𝐮𝐯𝐯𝐯𝐯𝐯𝐯 ). The validation comparison error E sign and its magnitude are
known once the validation comparison is made. The validation uncertainty can be estimated
through the determination of the simulation uncertainty usimulation and the experimental
uncertainty uD. The simulation uncertainty consists of the numerical simulation uncertainty unum
and the input uncertainty uinput. However there is no established method to estimate the
physical modelling uncertainty umodel .
Propagation methods are mainly used to evaluate code result uncertainties coming from input
parameters. Uncertainties of numerical solutions are given by the solution verification step or
GCI method based on the Richardson extrapolation (RE) method. The standard indicates how
to use the E and 𝒖𝒖𝒗𝒗𝒗𝒗𝒗𝒗 . These quantities give an accuracy of the model used through:
umodel = �u2E − u2val

From these equations, the following criteria can be concluded:
•

If |𝐄𝐄 |>> 𝐮𝐮𝐯𝐯𝐯𝐯𝐯𝐯 , 𝐮𝐮𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦 ≅ 𝐮𝐮𝐄𝐄 . Then, 𝐮𝐮𝐯𝐯𝐯𝐯𝐯𝐯 is relatively small and the modeling error is larger
than the validation uncertainty. In this case, the comparison between the code
predictions and the experimental data can provide a useful and precise information on
the quality of the physical model. Consequently, the model has the possibility to be
improved or calibrated using the data from the experiment in order to have less
uncertainty on the result.

•

If |𝐄𝐄| < 𝐮𝐮𝐯𝐯𝐯𝐯𝐯𝐯 , the larger validation uncertainty implies that the model accuracy cannot be
improved if the combination δinput , δnum and δD cannot be reduced. In this case, the
standard indicates that this is not a proof that the model has a good or bad quality but
this kind of experiment will not be useful to make improvement to the model.
1-2

•
•

If |𝐄𝐄| = 𝐮𝐮𝐯𝐯𝐯𝐯𝐯𝐯 , the modeling error is within the noise level imposed by the input, numerical
and experimental uncertainties and the possibility of model improvement is a challenge.
If model uncertainty 𝐮𝐮𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦 is known or expected, sensitivity analyses on sensitive
modeling parameters can be performed to investigate the impact this model uncertainty
can have on target variable such PCT and 𝐮𝐮𝐯𝐯𝐯𝐯𝐯𝐯 .
o

o

If 𝐮𝐮𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦 < 𝐮𝐮𝐯𝐯𝐯𝐯𝐯𝐯 . The experiment is not very informative

𝐈𝐈𝐈𝐈 𝐮𝐮𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦 > 𝐮𝐮𝐯𝐯𝐯𝐯𝐯𝐯 . The experiment is capable of showing if the expected model
uncertainty is reached

A CFD grade experiment is an experiment which can be used to validate the physical model,
which means that it provides a relatively low uncertainty of validation 𝐮𝐮𝐯𝐯𝐯𝐯𝐯𝐯 and allows a good
determination of the model uncertainty 𝐮𝐮𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦𝐦 . Therefore, an experiment which minimizes both
𝛅𝛅𝐢𝐢𝐢𝐢𝐢𝐢𝐢𝐢𝐢𝐢 and 𝛅𝛅𝐃𝐃 also minimizes 𝐮𝐮𝐯𝐯𝐯𝐯𝐯𝐯 and provides more information on the accuracy of the model.
A CFD-grade experiment should provide the lowest values of δinput , and δD (i.e. low 𝐮𝐮𝐯𝐯𝐯𝐯𝐯𝐯 ). In
parallel, the CFD user or specialist should strive to minimize the numerical error 𝐮𝐮𝐧𝐧𝐧𝐧𝐧𝐧 or at
least follow well established methods to quantify it correctly.

However the capability for an experiment to provide information on the uncertainty of model
parameters may not be the concern of a dry cask safety analysis. The final goal is often to
compare a parameter of interest such as PCT to a safety criterion to assess if the dry cask is
safe in the situation designed for. Very often, and due to the lack of geometrical details inside
the cask as in the case of fluid gaps in the current validation as shown in in this report, it is
much more difficult to know all necessary boundary and initial conditions (BIC) and flow field
variables in the region of interest with a low uncertainty or high confidence. As a result, 𝐮𝐮𝐢𝐢𝐢𝐢𝐢𝐢𝐢𝐢𝐢𝐢
may be large. Such experiments should at least provide sufficient information to quantify the
accuracy of CFD code predictions for the relevant parameters of interest in the safety analysis
such as some local temperatures or PCT. In turn, this accuracy prediction can be used to
assess whether a reliable conclusion for the safety case can be made. The experiment should
target a predetermined code uncertainty for the selected target variable such PCT or other
variable. So, instead of providing data to allow quantifying the uncertainty on some specific
model parameters, the goal is the prediction of the uncertainty on the target variable of interest.
This uncertainty is the result of the propagation of various sources of uncertainty
from 𝛅𝛅𝐢𝐢𝐢𝐢𝐢𝐢𝐢𝐢𝐢𝐢, 𝛅𝛅𝐧𝐧𝐧𝐧𝐧𝐧 and 𝛅𝛅𝐃𝐃 . As such, the minimization of these sources of errors remains the
objective of the VVUQ process.

Another important requirement is the collaboration between the experiment designer and the
code user from the start of the experimental project. The collaboration should target the models
used in the dry cask application as shown in NUREG 2152 [7]. Code users and safety analysts
can then expose the goal of the experiment, in terms of model validation. Among these
modeling goals that can be targeted and investigated are type of turbulence model that govern
the flow field, state laws for the fluid of interest, or porous media parameters if porous media
model is used. A list of modeling challenges including boundary conditions for dry cask
applications can be found in NUREG 2152 and NUREG 2208. In this important initial step, CFD
code users can perform pre-calculations to help the definition of the mock-up in terms of
geometrical design, range of flow variables, choice of boundary conditions, and scaling
analyses. This collaboration can also be used to define the plan of the experiment. As such, a
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CFD-grade experiment should first be characterized by an exchange between experimentalists
and code users from the beginning of the design of the experiment to the end of the project.
The preliminary specification of fluid and solid volumes of interest and of inlet and outlet fluid
surfaces is of prime importance to select where initial and boundary conditions have to be
known. A CFD-grade experiment should specify the boundary conditions, initial conditions, and
model domain in a way that they can be used as simulation input data with the required
accuracy.
A general requirement may be to define a priori acceptance criteria before designing an
experiment. If the only objective is to validate a CFD code on a specific flow configuration, the
acceptance criterion may be to minimize the validation uncertainty (i.e. experimental, numerical,
and input uncertainties) on a specific target variable. In dry cask applications, examples may be
the following:
•

If the objective is to validate a CFD code for PCT, the acceptance criterion may be that
the validation uncertainty related to this PCT should not exceed a given value.

•

If the objective is to predict the canister wall heat transfer in a ventilated cask, the
acceptance criterion may be that the validation uncertainty related to a predetermined
temperature difference ∆T between the air inlet and outlet should not exceed a given
value.

•

If the objective is to predict the air mass flow rate in a ventilated cask, the acceptance
criterion may be that the validation uncertainty related to a measured mass flow rate in
the air flow passage should not exceed a given value.

In the last few years, dry cask applicants applied for licenses for cask design close to 50 kW or
higher. The analyses accompanying these applications presented CFD thermal analysis cases
with PCT very close to the ISG-11 allowable limit of 400 C, with margins as small as 10 - 20°C
(18 - 36°F). As such, in this validation, the calculated validation uncertainty 𝐮𝐮𝐯𝐯𝐯𝐯𝐯𝐯 will be
compared to these margins to make conclusions if the experiment used in this validation
exercise can be classified as a CFD grade experiment.

1.2

Description of Validation Experiment

The cask used for the validation experiment was a TN-32B dry cask storage system. The TN32B cask is cylindrical with a vertical orientation. It has an outer diameter of 8.5-ft (2.6 m) and a
height of approximately 15-ft (4.6 m) with the protective cover and lid neutron shielding
removed. A detailed description of the TN-32B demonstration project held in North Anna Power
Plant can be found in [2]. According to the non-proprietary Safety Evaluation Report (SER) [3],
the TN-32B cask consists of:
•
•
•
•
•

A basket assembly which locates and supports the fuel assemblies
An inner confinement vessel and lid, which comprises the primary confinement barrier;
A carbon steel gamma shield structure surrounding the primary confinement vessel;
Neutron shielding material (jacketed) exterior to the gamma shield;
A protective cover which provides weather protection for the closure lid and seal
components, the top neutron shield, and the overpressure system.
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•
•

An overpressure monitoring system which monitors pressure between the two seals of
the cask lid. This system allows for early detection of cask seal leakage.
Sets of upper and lower trunnions for lifting and support of the cask.

The cask is designed to handle 32 pressurized water reactor (PWR) fuel bundle assemblies,
with a total maximum heat load of 32.7 kW, and an allowable peak cladding temperature (PCT)
of 400°C.
The lid of the cask was modified to allow insertion of seven thermocouple lances in fuel
assemblies 2, 6, 14, 19, 24, 28, and 31 (as shown in Figure 2-2). Each thermocouple lance
contained nine thermocouples that were spaced throughout the height of the cask to provide a
total of 63 temperature measurements spaced throughout the inner cask. The protective cover,
top neutron shield, and standard overpressure system that are normally in place were removed
for the experiment to provide access to the lid for the thermocouple lances.
In addition to the internal cask temperature measurements, fifteen surface temperature
measurements were recorded to validate external heat transfer rates.
The cask was tested indoors in a test bay that provided access around the bottom of the cask,
as well as a work platform that provided access to the top of the cask. Ambient temperature
inside the building was recorded at several locations around the cask, which showed both
spatial and temporal variations.
The test consisted of a “thermal soak”, where the cask was allowed to reach steady-state
temperatures over a period of several days. Although the ambient temperatures inside the
building were variable, the cask temperatures were found to be steady, owing to the larger
thermal mass of the cask.
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Figure 1-1 Layout of the TN-32 Cask from the Non-proprietary Safety Evaluation Report
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2

COMPUTATIONAL MODEL DESCRIPTION

This chapter describes the settings and boundary conditions that were used to simulate the TN32B dry cask storage system.

2.1

TN-32B Cask Model

The cask geometry was generated based on the drawings provided in the UFSAR [4].
2.1.1

Description of Mesh

The cask geometry was meshed using primarily hexahedral elements. A coarse model was
initially created with 1 cell across many of the thin structural pieces to achieve a low cell count.
This coarse mesh was refined to double the mesh resolution for the baseline mesh, and
doubled again to achieve the fine mesh. This triplet of meshes was used to determine the grid
convergence index (GCI) as described in Section 3.3.2 . A sample of the baseline mesh is
shown in Figure 2-1.

Figure 2-1 Cask External Surface Mesh
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2.2

North Anna Thermal Round Robin Model Inputs

2.2.1

Material Properties

As much as possible, the CFD analysis used the material properties that were specified in the
Thermal Evaluation (Chapter 4) of the UFSAR [4]. This includes thermal conductivities of
helium, air, carbon steel, 6061 alloy aluminum, polyester resin used for neutron shielding,
stainless steel, and 6063 alloy aluminum.
2.2.1.1

Fuel Properties

The fuel bundles are made up of many small components, which are too complex to simulate
directly in the cask CFD model with current computational capabilities. Instead, the fuel bundles
were simulated using porous media to provide the resistance to flow, and an effective thermal
conductivity of the entire fuel bundle assembly in the axial and transverse directions.
The thermal conductivity and porosity calculations that were used in this analysis are based on
the work presented in NUREG-2208 [8]. Thermal conductivities are based on a combination of
conductive and radiative heat transfer, and are a function of temperature. The thermal
conductivities used are in line with those presented for PWR fuel in the FSAR.
Six of the fuel bundles also contained poison rod assemblies (PRA). These fuel bundles were
in positions 8, 13, 15, 18, 20, and 25. Effective thermal conductivities for these assemblies
were caluclated using the same methods.
Uncertainty in fuel hydraulic resistance was assumed to be ±50%, which contributed very little to
the uncertainty of the simulation result due to the very low circulation velocities in the fuel
bundles.
Axial thermal conductivity for the baseline simulation was calculated assuming there was
thermal conduction through the fuel cladding, as well as the helium, and the fuel pellets, which
expand as the fuel is used so that they press against each other and create an effective heat
path along the axis of the tube. When calculating the uncertainty in axial thermal conductivity,
the uncertainty band was based on the difference between the baseline assumption, and
allowing heat transfer only through the cladding, which is a conservative assumption made by
other researchers. Uncertainty in the transverse thermal conducivity of the fuel bundles was
assumed to be ±10%.
2.2.1.2

Internal Pressurization

The cask was filled with helium to a pressure of 2200 mbar (31.9 psia) [2]. It was assumed that
all water had evaporated during the vacuum drying process, and that the gas was 100% pure
helium. Intial analyses showed that the sensitivity of the simulation results to helium pressure
were very low, so the influence of internal pressure is omitted from the UQ analysis.
2.2.2

Decay Heat

The decay heat for each of the 32 fuel bundle assemblies as of November 7, 2017 was provided
as a modeling input, though loading did not occur until November 14, 2017 [2] and is presented
in Figure 2-2. Thermal soak testing was conducted for roughly two weeks after loading. Total
decay heat for the cask was reported to be 30.456 kW.
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A normalized vertical decay heat profile (Figure 2-3) was provided for the validation exercise
and applied to all 32 fuel bundles [2].
An uncertainty in decay heat of 2% was assumed for this analysis, which covers local variations
in decay heat profile, as well as uncertainty in prediction of decay heat for each assembly on the
date of testing.
2.2.3

Heat Dissipation to the Environment

Ambient temperatures were measured during testing as described in Thermal Modeling Round
Robin input [2]. The temperatures varied over the several days it took to reach thermal
equilibrium inside the cask, primarily from day/night cycles as the cask was placed next to an
un-insulated roll-up door.
An average ambient temperature of 75°F (297K) was used for the analysis. This temperature
was used to calculate external convection, as the heat sink for conduction through the ground
support, and as the temperature that the surface of the cask was radiating to. Due to the
variability in the temperature over time, as well as at different locations within the test area, an
uncertainty in the ambient temperature of ±15°F (8.3K) was used in the UQ analysis.
A convection heat transfer coefficient (HTC) of 5.0 W/m2-K was used for the vertical sidewalls of
the cask. The convection coefficient was calculated based on the external skin temperature of
the cask using several different turbulent natural convection Nusselt number correlations for
vertical plates for the sides of the cask, which were in line with the method presented in the
FSAR. HTC values for the vertical sidewalls of the cask fell between 4.0 and 6.0 W/m2-K
depending on the correlation used, and whether the minimum, maximum, or average surface
temperature was used. This ±1.0 W/m2-K variability in HTC was the basis for the uncertainty in
the input value in the UQ analysis.
The uncertainty in HTC from the top of the cask was higher, owing to the lead blankets that
were used as a temporary neutron shield. The thermal conductivity of the blankets was not
provided with the experimental data, and they were randomly placed across the top of the cask,
which increases the uncertainty of the effective HTC from the top of the cask. HTC values for
the top of the cask without a blanket were estimated to be between 6 and 7 W/m2-K, which is in
line with the methods used in the FSAR, however the presence of the blankets would reduce
this value somewhat. A value of 5.0 W/m2-K was used for the top of the cask, with an
uncertainty of ±2.0 W/m2-K.
The cask was placed on a 1.5-inch thick steel leveling pad with several steel legs, which in turn
rested on a stainless steel lined concrete floor. There was a 6” air gap between the leveling pad
and the floor. Insufficient information was provided regarding the legs of the leveling pad to
include them in the thermal analysis. This configuration includes several modes of heat transfer
from the leveling pad, including:
•

Conduction through the legs, and into the concrete floor.

•

Convection from the leveling pad, legs, and floor to an unknown convection current or air
running underneath the leveling pad.

•

Radiation from the leveling pad to the floor.
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The interplay in these heat transfer modes, and the inability to accurately calculate them from
the information provided add to the uncertainty of the analysis. The HTC through the bottom of
the cask from all of these modes was estimated at 10.0 ± 5.0 W/m2-K.
Thermal radiation is another means of heat rejection from the cask to the environment.
Emissivity values from the white painted external surfaces of the cask were taken to be 0.90
based on the FSAR [4]. An uncertainty of ±0.10 was used in the UQ analysis.
The North Anna thermal test was conducted indoors, so solar insolation was omitted from this
analysis.
2.2.4

Thermal Gap Resistance

Due to the various materials used in the construction of the TN-32B cask, there are many small
gaps throughout the design, which increase the resistance of heat transfer from the fuel
assemblies to the environment. Many of these gap sizes are not – and cannot be – precisely
known. Estimates of the largest size expected for each of these gaps were provided in the
USFAR, and those values are used here in the baseline case. As such, they are considered to
be maximum values, with the actual gap sizes expected to be smaller than what is used for the
baseline case.
The gaps were treated as thin “shadow-walls” within the FLUENT solver, whereby they do not
take up any physical space in the mesh, but an additional computational cell is added across
the gap to allow the resistance due to thermal conduction and radiation across the gap. An
effective thermal conductivity was calculated for each gap assuming both conduction through
the gas and radiation across the gap. All gaps were small enough, with a small enough
temperature gradient that natural convection was assumed to be negligible. The effective
thermal conductivity is calculated from the thermal conductivity of the gas at the average gap
temperature, the size of the gap, and the emissivity of the materials on either side of the gap
assuming infinite plates in parallel.
𝑘𝑘𝑒𝑒𝑒𝑒𝑒𝑒 (𝑇𝑇) = 𝑘𝑘(𝑇𝑇) + 4ℎ𝜖𝜖12 𝜎𝜎𝑇𝑇 3

Where:

keff = effective thermal conductivity

(W/m-K)

k = molecular thermal conductivity

(W/m-K)

h = gap between walls

(m)

ϵ12 = combined emissivity
σ = Stefan-Boltzmann constant

(W/m2-K4)

T = Temperature

(K)
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The combined emissivity for two infinite parallel plates is a combination of the emissivity for
each surface, ϵ1 and ϵ2:
𝜖𝜖12 =

1
1
1
𝜖𝜖1 + 𝜖𝜖2 − 1

Due to gravity, construction methods, thermal expansion of dissimilar materials, and the fact
that the center of the cask is hotter than the exterior, most of these gaps are expected to close
(go towards zero) as the cask heats up. When addressing the uncertainty due to all of these
gaps – which is considerable – the uncertainty is only on the negative side (i.e. - smaller gap,
colder PCT). This introduces a significant bias error into the baseline solution, whereby the
baseline simulation does not actually represent our best guess of what is occurring, but rather a
much hotter result than exists in reality.
For this reason, a “best estimate” case is also included in the presentation of results, whereby
all of the gaps except for one are set to zero. The only gap that is allowed to remain at the
UFSAR specified size is the gap between the basket and the cask rails. This gap was expected
to be 0.188 inches at thermal equilibrium within the cask [4]. This is one of the largest gaps
within the system, and most of the heat in the cask passes across this gap. In the best estimate
case, this basket-to-rails gap is maintained at 0.188 inches as stated in the UFSAR.
A list of all thermal gaps included in the model is provided in Table 2-1, including the nominal
gap size and the corresponding uncertainty assumed. The locations of the gaps are shown in
plan view in Figure 2-4, and elevation view in Figure 2-5.
The heat transfer across the inner cask / outer cask gap was listed as 375 Btu/hr-ft2-°F, with a
conservative estimate of 200 Btu/hr-ft2-°F. These values were converted to a gap size for this
analysis using the thermal conductivity of air at the average gap temperature.
Table 2-1 Summary of Helium Gaps
Helium Gap Location

Baseline Input
(inches)

Input Uncertainty
(inches)

Basket to rails

0.188

+0.000 / -0.188

Rails to cask

0.010

+0.000 / -0.010

SS sheet to Al plate

0.020

+0.000 / -0.020

Al basket plates

0.020

+0.000 / -0.020

Basket to bottom of cask

0.250

+0.000 / -0.250
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Table 2-2 Summary of Air Gaps
Baseline Input
(inches)
Cylindrical cask

Input Uncertainty
(inches)

0.00129

+0.000 / -0.00129

Cask bottom

0.125

+0.000 / -0.125

Resin boxes

0.010

+0.000 / -0.010

Lid seal

0.010

+0.000 / -0.010

Figure 2-2 System Loading Map
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Figure 2-3 Normalized Fuel Decay Heat Profile and Thermocouple Elevations
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Figure 2-4 Thermal Gap Summary for Validation Case – Plan View
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Figure 2-5 Thermal Gap Summary for Validation Case – Elevation View
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2.3

Solver Settings

ANSYS-Fluent v.19.0 was used as the solver. The solver settings are presented in Table 2-3.
Table 2-3 CFD Solver Settings
CFD Solver Settings:

Input Value:

Solver Code

ANSYS-Fluent v19.0

Solver Type

Pressure-Based

Viscous

Laminar

Radiation

Discrete Ordinates, Gray Model

Pressure-Velocity Coupling Scheme

SIMPLE

Time Discretization

Steady-State

Spatial Discretization:
Gradient

Green-Gauss Node Based

Pressure

Second Order Upwind

Momentum

Second Order Upwind

Energy

Second Order Upwind

Discrete Ordinates

Second Order Upwind

Rayleigh Number calculations for helium inside the inner cask confirm that the flow is laminar.
The settings for the radiation model are presented in Table 2-4. Testing has indicated that the
sensitivity to these parameters is less than the iterative convergence uncertainty (discussed
later in this report), so sensitivity to these values is not included in the input uncertainty analysis.
Table 2-4 Radiation Model Settings
Discrete Ordinates, Gray Model Inputs:

Input Value:

Theta Divisions

4

Phi Divisions

4

Theta Pixels

4

Phi Pixels

4

Energy Iterations per Radiation Iteration

10
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3

VALIDATION RESULTS

The uncertainty quantification will be conducted according to ASME V&V 20-2009 [1]. The main
sources of uncertainty that will be investigated include: numerical uncertainty, which includes
iterative uncertainty and grid uncertainty; and input uncertainty. These are addressed below.
Another source of uncertainty – experimental uncertainty in the data provided for validation –
was provided by the personnel conducting the experiment.

3.1

Baseline Simulation Results

Decay heat is generated in each assembly, and makes its way out to the environment through
many parallel paths of conduction, convection, and radiation. The assemblies in the center of
the cask have the longest path for heat to escape, and consequently have the highest
temperatures. The highest temperature in the cask was found in assembly 14, one of the four
assemblies in the very center of the cask (Figure 2-2). The PCT in the baseline simulation was
found to be 535 K (503°F). Contours of temperature through a horizontal and vertical slice are
shown in Figure 3-2 and Figure 3-3 respectively.
Although radiation and convective heat transfer are included in the analysis, neither mode of
heat transfer appreciably contributes to heat fluxes inside the cask. In areas with large open
volumes where convection or radiation may play a significant role, there are aluminum rails,
which are very effective at conducting heat. This effective heat conduction results in small
temperature gradients that minimize the heat flux via radiation and natural convection. In the
case of natural convection, this is confirmed by the observed predicted low velocities throughout
the cask. The highest predicted velocity anywhere inside the cask is below 1 m/s (3.28 ft/s),
with most rail cavities having velocities below 0.25 m/s (0.82 ft/s). , The highest velocity inside a
fuel bundle was considerably lower at 0.02 m/s (0.07 ft/s) due to the increased hydraulic
resistance.
The thermal resistances across the gaps are a dominant feature in determining the temperature
distribution throughout the cask. Significant dislocations in temperature gradient can be seen
across gaps between different cask components (Figure 3-2 and Figure 3-3). Whereas there is
very little temperature gradient across monolithic structures such as the steel inner and outer
casks, the aluminum rails, and the aluminum resin boxes around the perimeter of the cask.
Since these thermal gaps are such a dominant component of the thermal resistance between
the decay heat source and ambient heat sink, and since there is a great deal of uncertainty in
how large these gaps actually are, it follows that the thermal resistance due to these gaps are a
great source of uncertainty when predicting the temperatures of the spent fuel inside the cask.
This will be demonstrated in the sections that follow.
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Figure 3-1 Section A-A at Elevation 2000mm, Section B-B 5” Off of Cask Centerline

Figure 3-2 Temperature at Section A-A, Validation Baseline Case (K)
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Figure 3-3 Temperature at Section B-B, Validation Baseline Case (K)

3.2

Consistency Check

The first step in validating the simulation and quantifying the uncertainty is to ensure that the
simulation is internally consistent. Two consistency checks that are easy to demonstrate are
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mass conservation and energy conservation across the boundaries of the model. In this case,
there are no inlet or outlet flow boundaries, so mass conservation is inherently met at the model
boundaries.
The fuel decay heat for the model should be 30.456 kW per the input values presented in Figure
2-2. Due to discretization of the decay heat profile over the height of the fuel bundle (steps in
decay heat profile provided in Figure 2-3 do not exactly align with computational element
spacing in the CFD model), the actual model heat input for the baseline model was 30.409 kW
(0.15% error). The reported heat flux from all external surfaces of the model was 30.441 kW
(0.11% error based on model input value). These errors are quite small compared to other
sources of error and uncertainty in this simulation, and demonstrate consistency of the
simulation with respect to conservation of energy.

3.3

Numerical Uncertainty

Numerical uncertainty is made up of three major sources: computer round-off error, iterative
convergence uncertainty, and discretization uncertainty. Discretization uncertainty can be
spatial or temporal; however this simulation is steady-state so temporal uncertainty is not of
concern. Tables A-1 through A-12 contain the individual components that went into the
uncertainty quantification for the PCT and each outer surface and internal fuel temperature
measurement in the cask.
Computer round-off error is extremely small compared to other sources, and so is not
considered here.
3.3.1

Iterative Uncertainty

It is generally known among CFD engineers that the models need to run until they are
“converged.” This is supposed to mean that the solution no longer varies with additional
iterations. In reality however, some solutions are better behaved than others. Some solutions
converge very nicely, and the solution changes very little with each additional iteration; but
some solutions are much “noisier,” and their solution can vary significantly within a range of
values. This variation can be due to numerical instability in the solution, or due to physically
based unsteady flow patterns in a steady-state solution.
Once the solution reaches something resembling convergence, the output in question should be
recorded for a large number of iterations to determine the range of values over which the output
wanders. This range represents the iterative convergence uncertainty of a solution.
The PCT was recorded each iteration for 3000 iterations for the baseline solution (Figure 3-4).
The average PCT value was found to be 535.37 ± 0.09 K (504.00 ± 0.16°F) within a 95%
confidence level, or within two standard deviations of the average value.
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Figure 3-4 Iterative Convergence of PCT for the Baseline Case
The distribution of values gathered during the iterative convergence testing were plotted against
a normal distribution to determine if two standard deviations can safely be used as the 95%
confidence level for the iterative convergence uncertainty. The data closely follows a normal
distribution, so this is a valid assumption.
The iterative uncertainty of ±0.09K (±0.16°F) is very small compared to the temperature range
of interest as well as other sources of error in this analysis.
3.3.2

Discretization Uncertainty

The grid convergence index (GCI) as outlined in ASME V&V 20-2009 [1] recommends that at
least three grids should be used to determine the uncertainty of a solution with respect to the
mesh. In this case, a coarse, medium and a fine mesh are used, where each level of
refinement is accomplished by doubling the mesh resolution (Table 3-1).
Table 3-1 Grid Convergence Index Mesh Sizes
GCI Mesh Size:
Coarse
Medium
Fine

3D Cells:

2D Cells

Total Cells

274,752

87,704

362,456

2,198,016

350,816

2,548,832

17,584,128

1,403,264

18,987,392
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Due to the use of shell conduction zones to simulate the thin gaps between adjacent pieces of
structure, there are 2D elements that accompany the typical 3D cells in the mesh. These cells
remain only 1 cell thick during mesh refinement, so when the mesh resolution is doubled the
number of 2D cells is 4 times greater. With 3D cells, doubling the mesh resolution results in 8
times as many 3D cells.
The GCI, which is the 95% confidence level uncertainty in the solution as a result of the mesh,
can be calculated for the finest of 3 meshes as follows:
𝐺𝐺𝐺𝐺𝐺𝐺𝑓𝑓𝑓𝑓𝑓𝑓𝑓𝑓 =

𝐹𝐹𝑠𝑠 ∗ |𝜑𝜑2 − 𝜑𝜑1 |
𝑟𝑟 𝑝𝑝 − 1

Where ɸ is the solution result, and 1, 2, and 3 represent the fine, medium and coarse meshes
respectively. Fs is an empirically derived factor of safety, which is 1.25 for an asymptotically
converging set of 3 or more meshes. For a constant grid refinement ratio, r the order of
convergence, p can be calculated as follows:
𝑝𝑝 =

𝜑𝜑 − 𝜑𝜑
ln �𝜑𝜑3 − 𝜑𝜑2 �
2

ln(𝑟𝑟)

1

The medium mesh is used for all evaluations outside of the grid refinement study, so it is useful
to be able to calculate the GCI of the medium mesh as well, which is calculated as follows:
𝐺𝐺𝐺𝐺𝐺𝐺𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚 = 𝐺𝐺𝐺𝐺𝐺𝐺𝑓𝑓𝑓𝑓𝑓𝑓𝑓𝑓 ∗ 𝑟𝑟 𝑝𝑝

Calculating the GCI using this Richardson Extrapolation (RE) method only works when the
successive refinement results in a solution that asymptotically converges towards a fixed value
at a cell size of zero.
In order to achieve a meaningful GCI, ASME V&V 20-2009 highly recommends using a constant
grid refinement ratio, geometrically similar cells in each refinement level, and structured cells
where possible. For many problems this is a challenge, but was possible here. It is allowable to
use a grid refinement ratio of less than 2 (but preferably greater than 1.3), however in this case
there were several thin solids sections that were meshed only 1 cell across in the coarse mesh.
This mesh topology dictated that a doubling of the mesh was the smallest grid refinement ratio
that could be used.
When the discretization uncertainty of the PCT is calculated on the three meshes for the
baseline case, they are indeed asymptotically converging with an order of convergence of 2.12
as shown in Table 3-2. The uncertainty in PCT on the baseline (medium) mesh due to spatial
discretization error is 1.3K, which is small compared to many other sources of error in this
analysis.
It should be noted that the GCI computed with PCT is not representative of the discretization
uncertainty everywhere in the mesh. The GCI was calculated at every location where an
experimental temperature measurement recorded, and many of those locations did not
demonstrate asymptotic convergence with the three meshes used, particularly in areas of strong
temperature gradients. ASME V&V 20-2009 suggests that 4 or more mesh resolutions should
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be used to convincingly demonstrate asymptotic response in difficult problems, however the
computational resources necessary to perform another doubling of mesh resolution were
prohibitive.
At measurement locations that did not obey asymptotic convergence, the GCI was calculated
from just two mesh resolutions: the medium mesh and the coarse mesh. In this situation, ASME
V&V 20-2009 suggests using a factor of safety of 3.0 to account for the greater uncertainty
associated with using only two mesh refinement levels, and an order of convergence p of 1.
This allows the GCI to be calculated everywhere in the mesh so that the discretization
uncertainty can be included in the overall uncertainty when comparing simulation results to
experimental measurements at all the temperature measurement locations.
When calculating the PCT GCI using the two mesh method, the discretization uncertainty is
10.2 K (18.4°F) significantly higher than when using the 3 mesh method (Table 3-2), but there
are still several sources of uncertainty in the analysis that are greater than this.
For the PCT and temperature measurement locations that obey asymptotic convergence, the 3
mesh method was used to determine the discretization uncertainty. At locations where grid
refinement did not obey asymptotic convergence, the 2 mesh method was used.
Table 3-2 GCI Values for PCT
GCI for Peak Cladding Temperature (PCT):

3 Mesh GCI

2 Mesh GCI

Refinement Ratio, r

2

2

Factor of Safety, Fs

1.25

3

Coarse Mesh

538.8 K (510.2°F)

538.8 K (510.2°F)

Medium Mesh

535.4 K (504.1°F)

535.4 K (504.1°F)

Fine Mesh

534.4 K (502.3°F)

Order of Convergence, p

2.12

GCI, fine mesh

0.3 K (0.5°F)

GCI, medium mesh

1.3 K (2.3°F)

3.3.3

1
10.2 K (18.4°F)

Overall Numerical Uncertainty on PCT

The overall numerical uncertainty from all sources is presented in Table 3-6. When computing
the total numerical uncertainty, it is not sufficient to use RMS addition of iterative convergence
error and discretization error, because the two errors are correlated (ASME 2009). Instead they
must be combined using simple addition. Detailed calculations are shown in Table A-1.
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Table 3-3 Overall Numerical Uncertainty for PCT
Numerical Uncertainty

Cold Side

Computer Round-off

± 0.0 K (± 0.0°F)

Iterative Convergence

± 0.1 K (± 0.2°F)

Spatial Discretization

± 1.3 K (± 2.3°F)
Total Numerical Uncertainty ± 1.4 K (± 2.5°F)

3.4

Input Uncertainty

3.4.1

Input Uncertainty Method

The input uncertainty method used was the finite difference method (also variously called:
sensitivity coefficient method, perturbation method, mean value method, and possibly others).
This is a local approach to determining the input uncertainty, whereby an independent input
variable (e.g. total decay heat) is changed by a small amount, and the effect that this variable
has on the solution is recorded. If the uncertainty of the input is known, then the resulting
uncertainty on the solution due to the uncertainty of the input can be calculated using the
following equation:

Where:
𝑢𝑢𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖 =
𝑆𝑆 =
𝑢𝑢𝑋𝑋𝑖𝑖 =
𝑋𝑋𝑖𝑖 =
𝑛𝑛 =
∂S/∂Xi =

𝑛𝑛

2
𝜕𝜕𝜕𝜕
𝑢𝑢𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖 = � �
𝑢𝑢𝑋𝑋𝑖𝑖 �
𝜕𝜕𝑋𝑋𝑖𝑖
2

𝑖𝑖=1

Total input uncertainty
Simulation result
Corresponding standard uncertainty in input parameter 𝑋𝑋𝑖𝑖
Input parameter
Number of inputs in the sensitivity study
Sensitivity Coefficient

Each input variable was perturbed both up and down by its uncertainty value, so two separate
cases were run for each input variable in addition to the baseline case. Thermal gap sizes were
already at their maximum size in the baseline simulation, so for that case only one sensitivity
case needed to be run with the smaller gap sizes.
This method only works in the local neighborhood around the baseline solution, and only as
long as the solution is fairly linear with respect to the inputs in that neighborhood. There are
more complex global methods of determining uncertainty (Monte Carlo, Latin Hypercube, etc.),
but they typically require more knowledge of the probability distribution of the input variables
than are generally available, and with a large number of input variables require hundreds or
perhaps thousands of cases to achieve statistical significance.
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3.4.2

Correlated vs. Uncorrelated Input Variables

Many of the input variables in this analysis cannot be considered to be entirely independent
from each other, as there are several heat paths acting in parallel. By increasing or decreasing
the heat flow through one path, it necessarily impacts the heat flow through all other paths.
Since it is impractical to run the hundreds or thousands of simulations required by the global
input uncertainty methods to fully account for the interdependency of all the input variables,
another approach is required.
In order to address the multiple heat paths in parallel problem, perturbations of similar variables
were considered in a single simulation run. For example, external heat transfer coefficients
through the top, sides, and bottom of the cask were all increased to their maximum perturbed
value in one run (colder PCT), and all decreased to their minimum value in another run (hotter
PCT). Similarly, the gaps were all reduced to their minimum size in one simulation run (colder
PCT). The baseline case has all gaps at their maximum size, so the uncertainty in gap size
does not contribute to the hot side uncertainty in PCT.
One example of the inter-dependence of inputs on results is located in the bottom of the cask,
where there were assumed to be two relatively large gaps – one between the basket and the
floor of the inner cask, and the other between the inner cask and the outer cask. Heat travelling
through the bottom of the cask must pass across both of these gaps to reach the leveling pad.
When the first gap was closed and the second allowed to remain open, it was found that the
PCT was reduced by 4.0°C. When the second gap was closed with the first gap open, the PCT
was reduced by 0.9°C. If the uncertainty in PCT due to the uncertainty in gap size for these two
gaps was independent of one another, the expected reduction in PCT from closing both gaps
would be 4.1°C (RMS summing). If the uncertainty was dependent and additive, the expected
reduction in PCT from closing both gaps would be 4.9°C, however neither of these was found to
be the case. By closing both gaps, the effect was more than additive; the reduction in PCT was
7.5°C. The insulating effect of each gap alone was large enough to drive most of the heat
radially outward through the side of the cask. By closing both gaps, the total thermal resistance
through the bottom of the cask was substantially reduced. This allowed a significant amount of
heat that was passing though the side or top of the cask to pass through the bottom of the cask
instead, causing a large reduction in PCT.
Similarly, the uncertainty quantification was also evaluated by considering the closing of the
gaps individually and all together and the same time as shown in Table 4. When the gaps were
considered independent from each other, the input uncertainty on the PCT was calculated as
36.9°C. When gaps uncertainty were considered dependent and additive, an uncertainty of
72.1°C on PCT was calculated. When all gaps were closed an uncertainty of 62.9°C on PCT
was determined. These uncertainty were also calculated for all the measured point in the
experiment using different ways when the errors where combined. In this case, considering
dependent additive uncertainty quantification over-estimated the effect of the gap uncertainty as
compared when all the gaps were considered closed all the same time. This is a clear
demonstration that the gaps dependency is not a straight linear relationship. As such, the gaps
effect were modeled all open and all closed to evaluate the uncertainty quantification on the
PCT as well as other monitored temperature values.

3-9

Table 3-4 Thermal Gap Input Uncertainties for PCT
Thermal Gap:

PCT Uncertainty

He Gap – Basket to Rails

-29.8 K (-53.6°F)

He Gap – Rails to Cask

-1.7 K (-3.0°F)

He Gap – SS Sheet to Al Plate

-11.1 K (-20.0°F)

He Gap – Al Basket Plates

-16.7 K (-30.1°F)

He Gap – Basket to Bottom of Cask

-4.0 K (-7.2°F)

Air Gap – Cask Bottom

-0.9 K (-1.7°F)

Air Gap – Cask Cylindrical

-0.5 K (-1.0°F)

Air Gap – Resin Boxes

-7.1 K (-12.8°F)

Air Gap – Lid Seal

-0.2 K (-0.4°F)

Total Gap Uncertainty (Uncorrelated) -36.9 K (-66.4°F)
Total Gap Uncertainty (Correlated)
Both Bottom Gaps Closed

-72.1 K (-130°F)
-7.5 K (-13.5°F)

Gap Uncertainty When All Gaps Closed at Once

-62.9 K (-113°F)

In another case, the external heat transfer coefficients are a weak function of the external
temperature. The external HTC is driven by natural convection, which is a function of the
temperature difference between the cask surface and the ambient temperature. Technically,
anything that changes this temperature difference will be correlated with the external HTC.
However, the uncertainty in external HTC as a result of the uncertainty in the other variables is
small, so this is considered to be included in the HTC uncertainty, and the external HTC is
considered to be an independent input variable.
3.4.3

Input Uncertainty Results

There were 9 input variables that were assessed in the input uncertainty analysis. There are a
large number of inputs to this simulation, so there were several other variables that could also
have been evaluated, but the uncertainty in these input values were deemed to be of minor
importance to the overall simulation uncertainty. The input variables that were evaluated are
listed in Table 3-5, along with their associated contribution to the uncertainty on PCT.
Perturbations that caused the PCT to rise were put in the hot side column in Table 3-5.
Conversely, perturbations that caused the PCT to fall were put in the cold side column. The
input variables used were assumed to be uncorrelated, so uncertainties for the hot side and cold
side were taken as the root mean square (RMS) of all the individual input uncertainties in each
column. Descriptions of each input variable, its baseline value, and its associated uncertainty is
presented in Section 2.2.
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Table 3-5 Input Uncertainty Variables for PCT
Input Variable:

Cold Side

Hot Side

External HTC (top, side, and bottom)

-3.7 K (-6.7°F)

+4.5 K (+8.1°F)

Ambient Temperature

-4.8 K (-8.6°F)

+5.0 K (+9.0°F)

External Emissivity

-2.2 K (-4.0°F)

+2.5 K (+4.5°F)

Carbon Steel Emissivity

-0.1 K (-0.2°F)

+0.5 K (+0.9°F)

Aluminum Emissivity

-0.2 K (-0.4°F)

+0.1 K (+0.2°F)

Fuel Hydraulic Resistance (axial and transverse)

-0.6 K (-1.1°F)

+0.1 K (+0.2°F)

Total Decay Heat

-4.0 K (-7.2°F)

+3.9 K (+7.0°F)

Fuel Thermal Conductivity (axial and transverse)

-3.0 K (-5.4°F)

+3.6 K (+6.5°F)

-62.9 K (-113.2°F)

+0.0 K (+0.0°F)

Thermal Gaps (all)

Total Input Uncertainty -63.5 K (-114.3°F) +8.9 K (+16.0°F)
The uncertainty in the size of the thermal gaps introduces a much greater uncertainty in PCT
than any of the other input variables. As discussed previously, the thermal conductivity of gas is
much lower than metal, so even a very small gas-filled gap results in a large temperature
gradient across that gap. Radiation across the gap is included in the analysis as well as
conduction, but radiative heat transfer does not become significant until the gap size and
temperature difference is already quite large.
The nature of the cask construction makes it difficult to know precisely how large any of these
gaps are, particularly after the cask is brought up to temperature by the decay heat from the fuel
assemblies.

3.5

Experimental Uncertainty

The uncertainty in temperature readings for internal thermocouples was reported to be 1.4°C
(2.5°F), plus 0.3% of the measured value in °C, valid over the range of temperatures measured
with a 95% confidence and a normal distribution [2].
Experimental uncertainty for the temperature readings on the system’s surface was a fixed
value of 1.1°C (2.0°F) [2].
The PCT in the experiment was not measured directly. However, a thermocouple was located
in the hottest assembly in the chamber very close to the location of the PCT (assembly 14,
elevation 4), and the simulation result showed that this measured value was very nearly the
same temperature as the PCT. The experimental uncertainty associated with an internal
thermocouple measurement at the highest recorded internal temperature of 229°C (502 K)
(444°F) is ± 2.1 K (3.8°F).
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3.6

Simulation Uncertainty Quantification

The total simulation uncertainty is a combination of the numerical uncertainty and the input
uncertainty, presented in Table 3-6. These calculations of simulation uncertainty were repeated
for all locations corresponding to the 63 internal temperature measurements, and 15 external
temperature measurements in the experiment, as well as the PCT. These simulation
uncertainties are the basis for the error bars on the baseline simulation result discussed in the
following section, which are compared to experimental results with associated experimental
uncertainties.
Table 3-6 Total Simulation Uncertainty for PCT
Total Simulation Uncertainty
Total Numerical Uncertainty

Cold Side

Hot Side

-1.4 K (-2.5°F)

+1.4 K (+2.5°F)

Total Input Uncertainty

-63.5 K (-114.3°F) +8.9 K (+16.0°F)

Total Simulation Uncertainty

-63.5 K (-114.3°F) +9.0 K (+16.2°F)

The total simulation uncertainty is dominated by the input uncertainty, and particularly the
uncertainty due to the gaps. This is true of the PCT as demonstrated in Table 3-6, as well as all
other internal temperature measurements.
Surface temperature uncertainties are significantly lower with an average of ± 8.3 K (±14.9°F),
and are driven more by the uncertainty in ambient temperature, external emissivity, and external
heat transfer coefficients. The uncertainty in gap sizes plays only a minor role in the uncertainty
in surface temperature prediction.

3.7

Validation Uncertainty Quantification

The total validation uncertainty is a combination of the numerical uncertainty, the input
uncertainty and the experimental uncertainty, presented in Table 3-7. There was no
experimental measurement at the exact location of the PCT, so instead the highest temperature
measurement in the experiment is used, which was at elevation 4 in assembly 14, with a
measured temperature of 502.4 K (444.7°F). These calculations of overall validation uncertainty
were repeated for all locations corresponding to the 63 internal temperature measurements, and
15 external temperature measurements in the experiment.
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Table 3-7 Total Validation Uncertainty for Cell 14, Elevation 4 (i.e. PCT)
Total Simulation Uncertainty

Cold Side

Hot Side

Total Numerical Uncertainty

-1.4 K (-2.5°F)

+1.4 K (+2.5°F)

Total Input Uncertainty

-63.5 K (-114.3°F)

+8.9 K (+16.0°F)

Total Experimental Uncertainty

-2.1 K (-3.8°F)

+2.1 K (+3.8°F)

Total Simulation Uncertainty

-63.5 K (-114.3°F)

+9.3 K (+16.7°F)

The validation uncertainty band is similar to the simulation uncertainty band, owing to the large
contribution of the input uncertainty (specifically due to the gaps), and the small contribution of
the experimental uncertainty.

3.8

Comparison with Experimental Data

3.8.1

Surface Temperature Results

Cask surface temperatures were measured in 15 locations in order to provide validation
information regarding the heat transfer rate to the environment (Figure 3-5). The experimental
data compares very well to the simulation results with associated uncertainty (Figure 3-6). The
average comparison error between baseline results and experimental data is 2.4°C (4.3°F),
whereas the experimental uncertainty is 1.1°C (2.0°F), and the average simulation uncertainty
for all surface temperatures is ±8.3°C (14.9°F). Furthermore, the simulation uncertainty
encompasses the experimental uncertainty for all temperature measurement locations. These
results demonstrate that the external boundary conditions used in the simulation accurately
predict the external heat flux to within the uncertainty of the simulation and experimental data.
Reduction in the spatial and temporal variability in ambient temperature during the test, and
more information regarding the heat transfer coefficients from the top, bottom and sides of the
cask would have helped to reduce the input uncertainty for the surface temperature predictions.
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Figure 3-5 Surface Temperature Locations
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Figure 3-6 Surface Temperature and Uncertainty for Experiment and Baseline Simulation
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3.8.2

Fuel Assembly Temperature Results

The temperature profiles in each of the seven instrumented fuel bundles for cells 2, 6, 14, 19,
24, 28 and 31 are plotted in Figure 3-7 and Figure 3-8 for the following data sets:
1. Experimentally measured values in blue, with bold error bars indicating experimental
uncertainty.
2. Baseline CFD results in red, with fine error bars indicating the total simulation
uncertainty. Note that uncertainty on the hot side is not the same as the cold side. Most
factors analyzed contribute to uncertainty on both the hot side and the cold side of the
simulation result. However, the conservatively large gaps, which are the dominant
source of uncertainty in the simulation, contribute to uncertainty only on the cold side of
the simulation result.
In each case, the baseline simulation predicts higher temperatures than recorded in the
experiment, and in some cases the simulation result is more than 60°C (110°F) larger than the
experimentally measured value. However, owing to the large uncertainty band, all experimental
results are within the uncertainty of the simulation.
The temperature error at the bottom of the cask is much greater than at the top of the cask.
This is primarily due to two large gaps at the bottom of the cask that are likely not there in
reality. The 3.2mm (0.125”) air gap between the inner and outer cask bottom and the 6.4mm
(0.250”) helium gap between the basket assembly and the bottom of the inner cask each
constitute a large thermal resistance, and explain a large part of the observed temperature error
in the bottom of the cask.
Besides the thermal gaps, all other uncertainty sources are on the order of 10°C (18°F) or less,
which can be seen in relatively smaller error bars on the hot side of the baseline simulation
result, which does not include any uncertainty due to thermal gaps.
Since the comparison error E falls within the validation uncertainty band, the simulation can be
considered to be validated. However, the large validation uncertainty does not allow meaningful
conclusions to be drawn about the modeling uncertainty of the simulation. To reduce the
validation uncertainty, the gap sizes would need to be known with more precision, which is not a
practical measurement to make with this particular cask design. As such, this is clear evidence
that this experiment cannot be qualified as a CFD grade experiment.
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Figure 3-7 Temperature Validation for Cells 2, 6, 14, and 19
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Figure 3-8 Temperature Validation for Cells 24, 28, and 31
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To further illustrate the point that was brought up in Section 3.4.2 regarding the effect of
assuming input variables as correlated or uncorrelated, the temperature profiles are re-plotted
for cell 14 (Figure 3-9). In the left plot under the heading “correlated gaps”, the uncertainty
bands are presented as in Figure 3-7, where the uncertainty due to thermal gaps was calculated
by running a single case with all gaps closed. In this case, the simulation uncertainty
encompasses the experimental data everywhere along the height of the fuel assembly.
In the right plot under the heading “uncorrelated gaps”, the experimental results (blue) and
baseline simulation results (red) are the same as before, but the error bars were calculated with
the assumption that the uncertainty due to each thermal gap was independent of the uncertainty
in the other gap sizes. This required running a separate simulation for each gap, as outlined in
Table 3-4. The resulting simulation uncertainty based on the uncorrelated gap assumption is
plotted in the right figure.
In the uncorrelated gap assumption, the uncertainty in the baseline simulation covers the
experimentally measured values at the top of the cask, but not at the bottom of the cask. The
effect of closing both bottom gaps, which increases heat transfer through the bottom of the cask
is evident here, and the assumption that the uncertainty in these gap sizes are independent of
each other is clearly not valid.
As mentioned previously, the size of the gaps have little effect on the uncertainty in surface
temperature predictions. The effect of using correlated or uncorrelated gap uncertainties on the
surface temperature profile is presented in Figure 3-10, where the difference in the uncertainty
bars between the two plots is not noticeable.

Figure 3-9 Temperature Profile in Cell 14 Using Uncertainty Bands Calculated with
Thermal Gaps Assumed to be Correlated (left) and Uncorrelated (right)
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Figure 3-10

Surface Temperatures on Column A using Uncertainty Bands Calculated
with Thermal Gaps Assumed to be Correlated (left) and Uncorrelated (right)
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3.8.3

Best Estimate Results

Since the gap sizes throughout the cask taken from the UFSAR were conservative estimates, a
“best estimate” case was also run. In this case, all gap sizes with the exception of the basketto-rails gap were closed. Gravity, bolting force, and thermal expansion act to close all of these
gaps when the cask is in service.
The basket-to-rails gap is one of the largest gaps in the design, and is necessary to insert the
basket assembly into the cask. The language describing the basket to rails gap in the FSAR
described the 0.188 inch gap as the “nominal gap [size] … at thermal equilibrium between the
periphery of the basket and the rails.” So this was assumed to be a somewhat reasonable
value. Besides the gap sizes, all other boundary conditions that were used for the baseline
case were also used for the best estimate case.
The gap sizes slightly changed the amount of heat rejected through each path, so small
changes in surface temperature are observed (Figure 3-11). However, since the gaps are all
internal to the cask, and the same amount of heat needs to be removed no matter the gap size,
the surface temperatures predicted by the best estimate case are similar to those of the
baseline case.
The PCT for the best estimate results was 500 K (440°F), or 35 K (63°F) below the baseline
simulation PCT.
The internal temperature profiles including the best estimate predictions (shown in green) are
presented in Figure 3-12 and Figure 3-13. The uncertainty quantification analysis was not
propagated from the best estimate case, so no error bars are presented with this result.
The results from the best estimate simulation are much closer to the experimental results than
the baseline case, particularly in the bottom of the cask where the best estimate simulation
result falls within the experimental uncertainty band for many of the experimentally measured
test points. Further, since the best estimate case inputs are bounded by the various sensitivity
cases that were conducted on the baseline case, the best estimate results lie within the
uncertainty bars of the baseline case.
There could be several reasons for the colder temperature predictions at the top of the cask
compared to experimental measurements. A few potential candidates might be that the gap
sizes are likely not uniform everywhere, or that the axial decay heat profile used in the
simulation is not the same for every fuel bundle. Although the best estimate case is very close
to the experimental results, the large uncertainty due to the simulation inputs – particularly gap
sizes – prevents a more detailed investigation into what may be the source of the modeling
errors in the simulation.
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Figure 3-11

Surface Temperature Profiles Including Best Estimate Results
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Figure 3-12

Temperature Profiles in Cells 2, 6, 14, and 19 Including Best Estimate
Results
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Figure 3-13

Temperature Profiles in Cells 24, 28, and 31 Including Best Estimate
Results
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4
4.1

ISFSI Simulation Inputs

4.1.1

Baseline Simulation

ISFSI RESULTS

The simulation inputs for the ISFSI simulation are mostly the same as for the baseline validation
case. The difference in simulation inputs pertain to the fact that the cask is located outside on a
concrete pad, and is analyzed for extreme hot day conditions.
The ambient air temperature for the ISFSI case is taken as a 24 hour average temperature of
38°C (100°F) (EPRI 2018). This is intended to cover hotter peak temperatures, but since the
thermal mass of the cask is large, a short duration peak has less impact than a longer duration
event. The same external heat transfer coefficient is used for the top and sides of the cask as
was used for the experimental validation.
The bottom thermal boundary condition was based on intimate thermal contact with a concrete
pad 0.91 m (36”) thick, extending 0.91 m (36”) around the base of the cask. The cask is in
perfect thermal contact with the concrete, and the concrete is in contact with soil at 21°C (70°F).
This condition is equivalent to a heat transfer coefficient from the bottom of the cask of 0.233
W/m2-K (0.041 Btu/h-ft2-°F).
When the cask is located outdoors, it will be exposed to insolation. The total insolation for a 12hour period is 1475 Btu/ft2 for curved surfaces and 2950 Btu/ft2 for flat surfaces per 10CFR
(Transnuclear, Inc. 2014). Since all cask surfaces exposed to sunlight are curved, the curved
surface value was used. This 12-hour heat flux was averaged over a 24 hour period.
Additionally, the solar absorptivity of the painted surfaces of the cask was reported to be 0.3 [4].
This results in an average solar heat flux on all exposed external surfaces of 58.16 W/m2 (18.44
Btu/h-ft2).
In the ISFSI configuration, the lid neutron shield and the protective cover will be in place, so
these are included in the simulation. Gaps between these components as specified by the
UFSAR were included in the simulation (Figure 4-1, Figure 4-2).
4.1.2

Best Estimate Simulation

A best estimate simulation was also run, similar to the validation case. All gaps, with the
exception of the basket-to-rails gap were closed, otherwise the model inputs were the same as
for the baseline ISFSI simulation.
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Figure 4-1 Thermal Gap Summary for ISFSI Case – Plan View
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Figure 4-2 Thermal Gap Summary for ISFSI Case – Elevation View
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4.2

ISFSI Simulation Results

Surface temperatures for the baseline and best estimate ISFSI case are presented in Figure
4-3. Fuel bundle temperatures for the baseline and best estimate ISFSI cases are presented in
Figure 4-4 and Figure 4-5.
The peak cladding temperature for the baseline ISFSI case was found to be 552 K (534°F)
The peak cladding temperature for the best estimate ISFSI case was found to be 518 K (473°F),
which is 34°C (61°F) below the baseline result – a similar difference as in the validation case.
Both of these temperatures are below the PCT limit of 400°C (673 K) (752°F). No uncertainty
analysis was conducted for the ISFSI case, but if a UQ analysis was to be conducted, it would
be done in a similar manner to what was presented in section 3. If the total hot side PCT
uncertainty of 9°C (16°F) was applied to the calculated PCT for the baseline ISFSI case, the
resulting temperature of 561 K (550°F) would still be far below the cask PCT limit.
Many of the environmental input variables that were measured in the validation case are
specified as design inputs for the ISFSI case. As a result, there is no simulation uncertainty as
a result of ambient temperature, ground temperature for the ISFSI case. These are all specified
as part of the design, and represent the reasonable worst case scenario expected for the cask.
The uncertainty due to gap size would remain the largest uncertainty in the analysis, but due to
the bias error in selecting the largest likely gap size for all gaps, the large uncertainty is to the
cold side of the simulation result.
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Figure 4-3 Surface Temperature Profiles for ISFSI Case
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Figure 4-4 ISFSI Temperature Profiles for ISFSI Case in Cells 2, 6, 14, and 19
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Figure 4-5 ISFSI Temperature Profiles for ISFSI Case in Cells 24, 28, and 31
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CONCLUSIONS

This report has demonstrated that the CFD simulation results of the TN-32B cask are within the
validation uncertainty of the experimental values that were measured by EPRI at the North Anna
Nuclear Plant in November 2017. Moreover, the process outlined here demonstrates the
process by which simulation uncertainty can be quantified as outlined in ASME V&V20-2009 for
a complex, real-world application.
Of the many sources of uncertainty evaluated, by far the largest source of uncertainty in the
simulation of this particular cask design is the thermal resistance across the many gaps
between adjacent pieces of structure. The thermal conductivity of gas is many times lower than
through metal, so very small gaps result in large differences in temperature across the gaps.
The typical certification process requires that the applicant demonstrate compliance under the
worst case scenarios. In the case of dry cask storage, the PCT must remain below the safe
operating limits of the materials under the hottest ambient conditions that are expected to occur
at a particular site. Using the same line of thinking, the gap sizes that would be used for this
analysis are not the most likely gap size, but the largest possible gap sizes, which would result
in the highest PCT. The same goes for other simulation inputs such as emissivity, external heat
transfer coefficients, etc. which would all be chosen as conservatively bounding values that
would be sure to yield a PCT value from the simulation that is equal to or greater than the actual
PCT value. This type of approach helps to ensure safe operation.
When using the conservative inputs for the TN-32B cask that were provided in the UFSAR for a
validation test, this conservative bias was evident in the fact that the simulation results overpredicted the experimental measurements everywhere, and by more than 60°C (110°F) in some
locations.
There is no such bias when considering numerical uncertainty. The discretization of the mesh,
although small compared to the input uncertainty in this case, is still an important contribution to
the overall uncertainty of the simulation. Spatial discretization was found here to be an
important factor, especially in areas that did not obey asymptotic convergence criteria. In those
areas a large penalty was taken, resulting in uncertainties as high as 12.5°C (22.5°F). Iterative
uncertainties in this case were very small, but for simulations with separated or unsteady flow
patterns, iterative uncertainty can be quite large. These uncertainties need to be considered
when presenting results for certification, particularly when the simulation result is close to the
allowable limit.
Whereas the certification process is concerned with producing a safe result, validation of CFD
models is concerned more with producing the most accurate result with the smallest uncertainty
band possible. The conservative bias in input variables that were provided in the UFSAR are
intended to produce a safe result, but are perhaps not the best values for CFD model validation.
Although the experimental results fell within the uncertainty band of the CFD model simulation,
the many uncertainties in the experimental setup resulted in a very large simulation uncertainty
band. This large uncertainty band makes it difficult to assess how accurate the simulation could
be if all the inputs were known with great precision, and what factors contribute to the
differences between the simulation and the experimentally measured values.
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A validation uncertainty of 63 Kelvin was calculated for the current experiment to validate the
model’s prediction of PCT. As such, this experiment cannot be classified as a CFD grade
experiment. Cask vendors have been submitting applications within margins in the range of
about 10-20°C from the ISG-11 temperature limit of 400°C. In order to be useful as a
demonstration of the accuracy of the CFD modeling process or to improve the model’s
capabilities, the validation uncertainty should be less than this 10-20°C margin. The primary
simulation uncertainties consisted mainly of lack of knowledge of the size of fluid gaps that
existed in the dry cask. The gap sizes are an important simulation input for this cask design,
and greatly influence the value of PCT predicted by the model. This issue is central to the
validation of CFD models. Designs that are complex enough to benefit from CFD modeling
generally have a great many inputs that influence the simulation result. CFD grade experiments
are those that precisely measure each and every one of these inputs so that the input
uncertainty of the simulation can be minimized. This is a difficult and complicated task to design
and conduct such an experiment even for relatively simple configurations, which is why so few
are conducted. However, in order to gain confidence in the application of CFD as a tool in the
certification process, especially with more complex physics, validation exercises such as this
are necessary.
As expected and shown in the uncertainty quantification section, the resulting uncertainty on
PCT and other temperature values in other locations depended on how the individual error are
related to each other. The effect of the multiple fluid gap dependence on the uncertainty
quantification was evaluated and discussed. As a result, the uncertainty quantification due to
the fluid gaps was determined using correlated error estimation. This method was chosen as the
different gaps are dependent on each other.
The method presented herein, showed that all the measured temperature values in all the seven
lances inside the fuel region as well as the outside three columns of thermocouple
measurements as shown in the results section were predicted within the calculated uncertainty
bands. As such, the CFD models and inputs that were used in the TN-32B cask modeling
approach as suggested in CFD best practice guidelines [NUREG-2152] were successfully
validated using the data obtained in the DOE cask demonstration project.
Often, the cask applicant uses the worst case scenario to perform dry cask thermal analyses
especially when there is enough margin from the allowable PCT limit. However, when the cask
is designed for higher decay heat and the PCT values are getting close to the limit, and the
obtained margin is questionable, the method presented in this report to evaluate the uncertainty
quantification should be used as a guide to show compliance with the PCT limit. The method
presented herein when used properly will inform the applicant about the right margin to have for
any cask design.
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VALIDATION UNCERTAINTY SCOREBOARD
The following tables contain the individual components that went into the uncertainty
calculations for the PCT and each surface and internal temperature measurement in the cask.
These values were used to create the error bars on the validation baseline simulation plots.
The tables are called “scorecards” because they help to demonstrate what the largest
uncertainty sources are. Each individual component is also highlighted according to how much
uncertainty it contributes – positive uncertainty is highlighted red, and negative uncertainty is
highlighted blue. All temperatures are reported in Kelvin.
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Table A-1 Uncertainty Quantification Scorecard for PCT

A-2

Table A-2 Uncertainty Quantification Scorecard for Surface Temperatures, Column A

A-3

Table A-3 Uncertainty Quantification Scorecard for Surface Temperatures, Column B
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Table A-4 Uncertainty Quantification Scorecard for Surface Temperatures, Column C
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Table A-5 Uncertainty Quantification Scorecard for Cell 2 Internal Temperatures
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Table A-6 Uncertainty Quantification Scorecard for Cell 6 Internal Temperatures
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Table A-7 Uncertainty Quantification Scorecard for Cell 14 Internal Temperatures
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Table A-8 Uncertainty Quantification Scorecard for Cell 19 Internal Temperatures
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Table A-9 Uncertainty Quantification Scorecard for Cell 24 Internal Temperatures
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Table A-10

Uncertainty Quantification Scorecard for Cell 28 Internal Temperatures
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Table A-11

Uncertainty Quantification Scorecard for Cell 31 Internal Temperatures
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